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A X8 1: K-means B3¢
A1 MATLAB %% 5.

hh A e

clc;
clear;

close all;

hhOBE A E

data = xlsread(’/Iris.csv’);

x = data(:, 4 : 5);

x = (x - min(x) .*ones(size(x)))./(max(x) .*ones(size(x)) - min(x).*ones
(size(x))); % AR EZ#HATEHAMN

n = size(x, 1); % ¥ # &

c = ones(1 ,n); % 4 X, 1% T~setosa, 2%k T versicolor, 35& ~virginica

%%h p-HH

P =2

@(x, y) sum(abs(x - y)."p)~(1/p);

%% K-means F %

m = 100; % ZE R AR K
center = [x(1, :); x(51, :); x(101, :)1;



hOREEE K
1

for i = n

dist = [d(x(i, :), center(l, :)), d(x(i,

x(i, :), center(3, :))1;
c(i) = find(dist == min(dist));

end

%ot B OE R RS

sum = zeros (3, size(x, 2));
count = zeros (1, 3);
for i =1 : n
sum(c (i), :) = sum(c(i), :) + x(i, :);
count (c(i)) = count(c(i)) + 1;
end
center = sum ./ count’;
end
%h OB HERHAE
x1 = zeros(count (1), size(x, 2));
x2 = zeros(count(2), size(x, 2));
x3 = zeros(count (3), size(x, 2));
count = zeros(1l, 3);
for i =1 : n
count (c(i)) = count(c(i)) + 1;
if c(i) == 1
x1(count (1), :) = x(i, :);
elseif c(i) == 2
x2(count (2), :) = x(i, :);
else
x3(count (3), :) = x(i, :);
end
end

scatter(x1(:, 1), x1(:, 2));

il

),

center (2,

),

d(



hold on;
scatter (x2(:, 1), x2(:, 2));
hold on;
scatter (x3(:, 1), x3(:, 2));

hold on;
legendC W B R, "XREEBR’, "4FRLER);
grid on;

hhot B E

right = 0;
for i =1 : n
if (c(i) == 1 && i <= 50) || (c(i) == 2 && 51 <= i && i <= 100) ||
(c(i) == 3 && i > 101)
right = right + 1;
end
end
right / n

X588 2: FCM B2

RS 8 F] MATLAB %5 .
%% A
clc;

clear;

close all;
hh B TAE

data = xlsread(’/Iris.csv’);

x data(:, 4 : 5);

x = (x - min(x) .*ones(size(x)))./(max(x) .*ones(size(x)) - min(x) .*ones
(size(x))); % A/ =#TEH 1

n = size(x, 1); % % #E &

il



ones(1 ,n); % 4% %X, 1%k Tsetosa, 2%k ~versicolor, 3%k -~rvirginica
2; % ALK

center = [x(1, :); x(75, :); x(150, )1; % B X+

u = zeros(3, n); % S EE

C

m

for i =1 : n
for j =1 : 3
% u(j, i) = sum(center(j, :).*x(i, :)) / (norm(center(j, :))x*
norm(x(i, D)); % FlAX AL ZEH S HEEWHE
u(j, i) = exp(-1/2*norm(center(j, :) - x(i, :))~2); % £l A
Gauss & % i & K % 4 41 &
end

end

%% p-H#E

P = 2

@(x, y) sum(abs(x - y)."p).~(1/p);

%% FCM % %

for k =1 : 100

hoit EF N PR
for j =1 : 3
center(j, :) = (u(j, ). m * x) / sum(u(j, :)."m);

end

hHE S K EH
for j =1 :3
for i =1 : n
u(j, i) = 1/(d(x(i, :), center(j, :))~(2/(m-1)) * (d(x(i,
:), center (1, :))~(-2/(m-1)) + d(x(i, :), center(2, :))
~(-2/(m-1)) + d(x(i, :), center(3, :))°~(-2/(m-1))));
end
end

end

v



zeros (1, 3);

count

for i 1 : n

for j =1 : 3

if u(l, i) > u (2, i) && u (1, i) > u(3,

c(i) = 1;

elseif u(2, i) > u(3, i)

c(i) = 2;
else
c(i) = 3;
end
end
count (c(i)) = count(c(i)) + 1;

end

hho OB W& R A

x1 = zeros(count (1), size(x, 2));
x2 = zeros(count(2), size(x, 2));
x3 = zeros(count(3), size(x, 2));
count = zeros(l, 3);
for i =1 : n
count (c(i)) = count(c(i)) + 1;
if c(i) == 1
x1(count (1), :) = x(i, :);
elseif c(i) == 2
x2(count (2), :) = x(i, :);
else
x3(count (3), :) = x(i, :);
end
end

scatter(x1(:, 1), x1(:,
hold on;
scatter(x2(:, 1), x2(:,
hold on;

scatter (x3(:, 1), x3(:,

2));

2));

2));

i)



hold on;
legendC LW E B, "ZTBERE, "2 FRILE B);

grid on;

hhotE Ok E

right = 0;
for i =1 : n
if (c(i) == 1 && i <= 50) || (c(i) == 2 && 51 <= i && i <= 100) ||
(c(i) == 3 && i > 101)
right = right + 1;
else
i
end
end

right / n * 100

Vi
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